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dlx,(t) - D x(t-7(t))] =
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Adaptive Synchronization of Neutral-Type Coupled
Neural Networks With Stochastic Perturbations
and Markovian Jumpings

ZHANG Zhishu, GAO Yan
(School of Electronic and Electrical Engineering, Shanghai University

of Engineering Science, Shanghai 201600, P.R.China)

Abstract; The adaptive synchronization problem of neutral-type neural networks with time-var-
ying delays and stochastic perturbations was discussed. Stochastic perturbations were described
as the Brownian motion. Through the Lyapunov stability theory, the LMI analysis techniques
and the matrix theory were used to study the adaptive synchronization of neutral-type neural
networks with stochastic perturbations and Markovian jumpings. The sufficient conditions for
the system synchronization were given and proved. The criterion for adaptive synchronization of
neutral-type neural networks with time-varying delays and stochastic perturbations was ob-
tained. Finally, numerical examples show the effectiveness and applicability of the proposed ap-
proach.

Key words: neutral-type neural network; stochastic perturbation; pinning control; adaptive

synchronization



